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Significance and Innovation
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annual cases in the US o
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Approach
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Clinical Our Model
Baseline
Area Under the 74% 86%
ROC Curve
Sensitivity 77% 78%
Specificity 63% 88%

With further validation, our model could:

e aid physicians in clinical decision making
to allocate appropriate treatment
regimens

e help identify previously overlooked
predictive features which merit further
investigation
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